Learning to Track: Online Multi-Object Tracking by Decision Making
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Goal: Online Multi-Object Tracking
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Challenge: data association under
occlusion and noisy detections
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Learning to Track: learn a similarity
function for data association
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"  Qur Solution: Tracking by Decision
Making

The target is
tracked again

" Markov Decision Process for a Single
Target
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" |nverse Reinforcement Learning
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(a) target template (b) stable prediction (c) unstable prediction
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"  Online Multi-Object Tracking with
MDPs
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Tracker| Mode | MOTA | MOTP | MT | ML | 105 | Fris
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Batch 6.0% 40.8% 4,537 3,090
[2] Online 15.1 70.5 3.2%  55.8% 637 1,716
[3] Batch 15.9 70.9 6.4% 479% 1,939 1,963
[4] Batch 18.2 71.2 28% 54.8% 1,148 2,132
[5] Online 18.6 69.6 53% 53.3% 634 1,282
[6] Batch 19.3 70.7 8.5%  46.5% 3813 1,023
[7] Batch 22.5 71.7 58% 63.9% 697 737
[8] Batch 23.1 70.9 4.7%  52.0% 1,018 1,061

Ours Online 30.3 71.3 13.0% 38.4% 680 1,500
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