Estimating the Aspect Layout of Object Categories
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Introduction Aspect Layout Model Experiments
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Train on 10 instance
Test on 10 instances for 16 views
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Unary potential V(|i,O,V’|):<WiT¢(|i’O,V,|) if unoccluded

A portion of the object whose entire 3D surface
. : . . . a;, If occluded
is approximately either entirely visible from the

observer or entirely non-visible (i.e., occluded). = | ¥ Pairwise potential V.(.1;.0. V) = =W, (X —X; +dj 5, €OS(6} )’
Related Concepts , . . WOy o sin@o )| conclusion

Aspect graph; object affordance; tunctional part; geometrical MaXImaI marsgin Iearnlng' structural SVM * Presented a new model for joint object detection, pose estimation
. . . . . ® V4
attributes of objects; object-human interaction Model inference: belief propagation for each Qand Vv and aspect part localization
* Able to handle large number of viewpoints, localize parts with
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