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Monocular Multiview Object Tracking Our Multiview Tracking Framework Experiments

C Inputs: video sequences from a single camera C Object and Viewpoint Representation C 2D Obiject Tracking
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Metric: mean absolute difference in azimuth angle
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Metric: mean overlap ratio of part shape
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Related Problems --1 e
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C Multiview Particle Filtering Object Tracking
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C Applications: Autonomous driving, robotics,
augmented reality, etc.
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